analyzed. First, normality (via the Shapiro-Wilk normality test [2] ) and outlier checks (via boxplots) were performed. Tests of location and scale were carried out via a bootstrap percentile t method (see [3] ; implemented in R via the function 'trimcibt') and a heteroscedastic version of the Morgan-Pitman test (see [4] ; implemented in the R function 'comdvar'), respectively. The p-values associated with the tests of location and scale were combined via the Stouffer method to determine the equality of two distributions [5] . Finally, an automated mixed ANOVA modelling method called aLMM (see [6] ; implemented in the function 'lmer' in the 'lmerTest' R package) was carried out. The fixed factors were gender (i.e. male; female), condition (weight and rest conditions) and age; the random factors were participant, number of trials (24 per condition) and repetitions (three repetitions of the 24 trials in each condition), and the dependent variable was the visual acuity scores. The model assessed was: s = g + c + g×c + p + t + r; where s=visual acuity scores, g=gender, c=condition, p=participant, t=number of trials, and r=repetitions. The shifting boxplot was used to show data's distribution [7] . In these plots, observations lying ±2 SD beyond the mean are represented by dashes, observations between −2 and +2 SD are the longest and F(1, 78.16 
Experiment 2
Design and statistical analyses: Spearman rank correlations were used to investigate the relationship between increases in weight and, potentially, decreases in visual acuity scores (i.e. increase in visual acuity). Data trends were represented via robust locally weighted regression lines (LOWESS).
